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1 Method Overview

The method proposed [8] aims to integrate gene expression data and protein-protein inter-
action data to identify dysregulated modules given in a sample set using a novel approach.
We hypothesize that complex machinery in the cell and dysregulation of the crucial mech-
anisms leading to diseases such as cancer are regulated by relatively small core modules in
contrast to pathways consisting of 50 - 200 genes. The approach is to mine a large network
of protein-protein interactions weighted by gene expression profiles to identify network mod-
ules of size 4 to 8. Identified modules are then quantified for dysregulation and samples are
clustered using Non-negative matrix factorization (NMF) to reveal distinct groups. In this
study we focused on identifying subtypes of Glioblastoma Multiforme (GBM) and Breast

Cancer (BRCA).
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1.1 Dysregulated Signaling Pathways

Dysregulated Signaling Pathways are labeled graphs (Section 2.2) where vertices represent
proteins and edges represent dysregulated activation/inhibition interactions. They are con-
structed from mRNA expression data (Section 3) and known PPI data [6, 20].
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Dysregulation is computed by constructing a matrix P, where P, , is the standard score
of expression level of gene a for patient :. Then an interaction matriz S constructed from
P in Equation 3. In Equation 3 (ab) represents two genes a and b such that the protein
encoded by a interacts with the protein encoded by b. The variable ¢ represents a particular

patient.
Saryi = /Pia. + P, (3)

To determine if the relationship between two genes a and b is dysregulated for patient ¢
the z-score for each interaction is computed. In the equation below, 1(Sap),.) and o (Sap).)
respectively refer to the mean and standard deviation of the dysregulation scores for genes
a and b. S (Stm.)
ab),i — M\ (ab),
Z(8) i =~ (4)
o 7 (Sat)..)
If Z(S)(ap),; > c then an edge a — b is included in the graph for patient 7 indicating a and
b are dysregulated. In Section 3 the constant ¢, the z-score threshold, was set to 2 to mine
for top %2.5 dysregulation.

1.2 Frequent Subgraph Mining

The Frequent Subgraph Mining problem was originally posed in the year 2000 by Inokuchi
et al. [14] as an extension of frequent subset mining. Generally, algorithms works on graphs
with labels on both vertices and edges. Algorithms proceed by enumerating subgraphs
and counting the number appearances of each subgraph in the database by using subgraph
isomorphism tests or embedding lists and graph isomorphism tests.

AGM [14], gSpan [27], MoFa [2], FFSM [12], and GASTON [21] demonstrate a variety of
strategies for enumerating frequent subgraphs. SPIN [13] is an example of algorithm which
finds just the maximal (that is largest) frequent subgraphs. For many real world datasets,
enumerating all or even the just the maximal frequent subgraphs may be impractical.

All algorithms, whether explicitly or not, operate on a search space defined by the con-
nected subgraph lattice of the graph database. This lattice is also known as the partial order
graph of the connected subgraphs of the graph database. All of the connected subgraphs of
the graph at the bottom are arranged as a lattice. The vertices of the lattice are subgraphs
and the edges represent adding to the subgraph at the tail of the edge to obtain the subgraph
at the head. Since the vertex at the tail of an edge is a subgraph of the vertex at the head
the lattice represents a partial order on the subgraph relationship.

Unfortunately, even finding just the maximal frequent subgraphs often finds many more
subgraphs than are useful. This is do to large amounts of overlap between many of the
maximal frequent subgraphs. For instance, it is not uncommon for to maximal frequent
subgraphs to differ in only one or two edges. Which if both are included causes the subgraph
to no longer be frequent but if just one (or the other) is included the subgraph is frequent.
Furthermore, finding every maximal frequent subgraph is an expensive operation even with
the best algorithms as the problem is inherently exponential in nature.



1  # param start: frequent single vertexr subgraphs

2 # param score: a function to score queue items

3  # param mazx_size: the mazr size of the queue

4  # param min_sup: int, amount of support

5 # returns: a generator of frequent subgraphs

6 def gsplor(start, score, min_sup):

7 while not start.empty():

8 queue = [ start.pop() ]

9 while not queue.empty ()

10 lattice_node = take(queue, score)

11 kids = lattice_node.extend (min_sup)

12 for ext in kids: add(queue, score, ext, max_size)
13 yield subgraph

14 def add(queue, score, item, max_size):

15 queue . append (item)

16 while len (queue) >= max_size:

17 i = argmin(score(idx, queue) for idx in sample(10, len(queue)))
18 queue.drop (i)

19 def take(queue, score):

20 i = argmax(score(idx, queue) for idx in sample(10, len(queue)))
21 return queue.take(1i)

Figure S1: QSPLOR: a new algorithm for mining a subset of frequent subgraphs.

1.3 QSPLOR: Mining a Subset of Frequent Subgraphs

Figure S1 shows pseudo code for QSPLOR a new algorithm to mine a subset of frequent
subgraphs. It proceeds as a graph traversal of k-Lp (the k frequent connected subgraph
lattice of the graph database). It begins the traversal at each lattice node representing a
frequent subgraph containing only one vertex. At each outer step it initializes a queue with
one of the starting lattice nodes. Then in each inner step it removes an item of the queue.
The take function removes one item from a uniform sample of the queue such that a user
supplied scoring function is maximized.

On line 11, the lattice node is extended. This involves finding all possible one edge
extensions to the subgraph represented by the lattice node. The ones that are frequent
are returned by the extend method. After the extensions are found they are added to the
queue with the add method. If the queue is at the maximal size after the addition, one item
from the queue is dropped. The dropped item is from a uniform sample of the queue and
minimizes the user supplied score function. After all extensions have been processed the
subgraph is output with the yield statement.

The key to our algorithm is the user supplied scoring function which guides the traversal.
The simplest scoring function simply returns a uniform random number. This will cause
the traversal to be unguided. Complex scoring functions can prioritize certain labels or
structures. The best general scoring functions are those that prioritize queue diversity such
that traversal is encouraged to explore as much of the lattice as possible.

One such function which encourages queue diversity is based on a graph walk kernel.
Let the graphs be represented as an adjacency matrix E with the labels of the vertices
represented by a labeling matrix L (constructed from the set of labels L labeling function
). Equation 5 defines a distance function between two graphs which incorporates both



structural differences and labeling differences.

|Eq| |Es|
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A scoring function can then be easily constructed from such a distance function by having
the function maximum be the graph which is most distant from all other graphs in the queue.
This ensures that when a graph must be skipped by the add function, it is the graph that is
most similar to the graphs in the queue. Conversely, when an item is taken from the queue
for processing it is the graph which is most dissimilar from all other graphs in the queue.

To find a precise computational bound of QSPLOR is complex as it involves characterizing
the behavior of the queue with respect to a particular scoring function. That behavior is
in part driven by underlying structure of the frequent connected subgraph lattice. There
are two special cases which are easy to analyze: when the queue has a max size of 1 and
when the queue is unbounded. For a queue size of 1, the number of steps is bounded from

above by (9(9};%) where ¢ is the size of the graph and h is the size of the subgraph. For
queue of unbounded size the complexity is the same as complete frequent subgraph mining:
O(29g"). Finding a closed expression for other queue sizes is difficult but it is guaranteed to

fall between these two bounds.

1.4 Non-Negative Matrix Factorization

Clustering via Non-Negative Matrix Factorization (NMF) is used to partition patients into
subgroups. Section 3 shows that the partitions are prognostically discriminative between
the patient subgroups. NMF method was first proposed by Lee and Seung [16] with the
aim of decomposing images into explanatory basis vectors. NMF has also been used on gene
expression data [3].

To apply NMF, first the frequent sub-pathways identified by QSPLOR in Section 1.3 are
quantified by the amount of dysregulation in each patient. A score for each frequent sub-
pathways H = (V, Ey) and each patient x is calculated and stored in matrix V by Equation
6. Rows of matrix V correspond to the frequent sub-pathways and columns correspond to
patients. The matrix S in Equation 6 is constructed in Equation 3.

1
Vy,=— Siab) 6
H, |Ey| Z (), (6)

(a,b) GEH

The matrix V is then input to NMF for clustering. NMF decomposes V into 2 com-
ponents with non-negative entries, V.~ W x H. W is called the basis matrix and H is
the coefficient matrix, Rows of matrix W (size F x n) correspond to frequent sub-graphs
and columns correspond to basis vectors. Entries of matrix H; ; (size n x P) represent the
coefficient of basis vector ¢ for patient j. Given the factorization, samples are clustered into
n groups based on the coefficients. NMF requires number of groups n to be predetermined.
We utilized both consensus clustering and other metrics for selecting the optimal number of
clusters.

Multiple refinements have been made to NMF [3, 17, 15, 22]. To achieve more localized
and compact clusters, we utilized nsNMF [22] which uses a non-smoothness constraint [9].
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1.5 Consensus Clustering

The NMF method does not converge to same clustering with each run hence consensus
clustering is applied with 150 runs and random seeding. For NMF method we have used Non-
Smooth NMF which is best suited for more localized pattern identification [22]. Consensus
clustering combines multiple runs with consensus matrix C. Consensus matrix incorporates
the number of co-occurence of two samples. Normalized consensus matrix is then used as a
distance matrix by 7 - C' for hierarchical clustering to determine group membership.

1.6 Pathway & Transcription Factor Enrichment

In order to determine biological impact of the findings, we have conducted pathway en-
richment analysis based on Reactome pathways using available online tool on Reactome
website. Transcription factor enrichment is provided on EnrichR website [5]. We utilized
transcription factors as terms and proteins interacting as variable sets hence allowing to
assess transcriptional dysregulation in the data.

1.7 Coverage

In order to determine a reasonable threshold for FSM method we have calculated coverage
for each dataset. Coverage is the total sample count achievable given the z-score threshold.
More specifically given the threshold for edge scores, how many patients are represented
overall. The aim is to both maximize sample count and threshold for relevant stratification.
We have applied a thresold of 2 standard deviations since increasing the threshold further
would decrease the required information in the dataset meaning that the threshold would be
too strict.

1.8 Transcription Factor PPI

We compared the proteins from identified dysregulated sub-pathways against a transcription
factor library using the online tool EnrichR [5]. The library contains transcription factors
as terms and related genes as sets.

1.8.1 Enrichment in Glioblastoma multiforme

Enrichment for transcription factors using genes from the short survivor group in [25]
found 52 genes that are significantly overrepresented in interacting proteins including; Tp53,
Form1, Rad21, Bmil, Myc. These proteins play crucial roles in cancer and GBM progres-
sion. Literature suggests FOXM1 as a potential drug target for glioma patients [18]. MYC
and BMI1 are proto-onco genes which sustain stem cell renewal in GBM patients by re-
pressing tumor suppressor pathways [1, 24, 4]. CCNE1 and CCND1 cyclin proteins are also
overrepresented and are associated with poor survival [26].

Eight proteins in the long survivor group in the Verhaak et al. data are significant; Stat3,
Statb5A, Stat5B, Dlxj, Statl, Smad/, Ctnnb1, KIf5. The Stat proteins are important elements
of signal transduction processes and are crucial elements for GBM proliferation. Inhibition
of Stat3 is suggested to positively correlate with inhibition of cell proliferation in GBM stem



cells [23]. Furthermore Stat3 inhibition is also associated with decrease in Temozolomide
resistance suggesting possible markers for future therapies. Also Smad/, another important

signal transduction element, with reduced expression is suggested to correlate with survival
of GBM patients [11].

1.8.2 Enrichment in Breast Cancer

Running enrichment tests for breast cancer data for microarray and RNA-Seq data revealed
1lf3, 1if2, Naccl, Hdac2, Smarccl, Cendl, Brcal in short survivor group. In contrast long
survivor groups were enriched in Statl, Stat3, Stat5a, Bcl3, Ctnnbl, Notchl, Htt, Myb.
Transcription factors have shown to be crucial for development and progression of cancer
hence comparison of TFs in short and long survivors might reveal functional and possible
therapeutic applications.

1.9 Rank Survey

Rank survey is used to determine the number of clusters based on the ‘quality’ of the consen-
sus clustering. Multiple metrics are used to assess the quality of the clustering; Cophenetic
correlation coefficient, residuals, explained variance, average silhouette, sparseness and dis-
persion. Additionally visual inspection is conducted on the consensus matrices. Cophenetic
correlation coefficient is measures as the correlation between the distance matrix and the
resulting clustering given the distance matrix. Sparseness is the average scores of the ba-
sis matrices, silhouette scores are average number of patients in the clustered groups. To
summarize we require the metrics to be above the randomized results. For the given plots,
dashed lines represent randomized results obtained by randomizing the features of the orig-
inal matrix.

1.10 Survival

We have utilized log-Rank test for estimating significance of survival curves. Additionally
since the dataset contained death events below 30 we have removed those data points instead
of imputation. The reason for removing the points is to reduce noise incorporated by events
that do not represent survival profile related to disease at hand. Figure S4 shows the survival
curves of patients stratified according to intrinsic subtypes defined previously.

2 Validation

We compared our method against 2 recently published work integrating PPI and pathway
information: Pathifier and NCIS. Pathifier quantifies dysregulation of a given pathway based
on gene expression data and principal curve analysis [7]. To separate the samples, hierarchical
clustering with average linkage is applied. NCIS [19] integrates gene expression and network
data with the clustering process to identify clinically significant groupings of samples and
genes. Prior to clustering genes are weighted according to their ‘““mportance’ in the network
and weighted co-clustering algorithm based on semi-nonnegative matrix tri-factorization de-
veloped by the same authors is used. The algorithm groups both genes and samples. Group



numbers are selected based on multiple runs of the algorithm with different parameters and
results of the consensus matrices are evaluated based on cophenetic correlation coefficient.

2.1 Pathifier

Pathifier identified pathways related to survival in a GBM microarray dataset from TCGA [7].
Pathifier’s survival analysis is supervised in comparison to our unsupervised approach. In
the analysis, the groups are manually selected based on observations of a scoring matrix
constructed from large pathways. This leads to failure to stratify patients that are dysreg-
ulated with different machinery in the same pathway. We used the Pathifier package from
Bioconductor [10] on the TCGA GBM dataset with the KEGG pathways. The package
requires normal samples 5 of which were downloaded from TCGA using the Cancer Genome
Browser.

Pathifier identified 6 groups with significant differences in survival (Figure S14a). The
number of samples in each group does not suggest biologically relevant clustering (n = 6, and
the larger clusters are not significant in terms of survival). The separation distances between
groups are not robust, as shown in the heatmap in Figure S14b. Cophenetic correlation coef-
ficient quantifies clustering robustness and defined as the correlation between dissimilarities
of each pair and the corresponding cophenetic distances. A coefficient of 0.61 of the Pathi-
fier method does not suggest a robust clustering. Finally, Pathifier suggests which pathways
contain dysregulation but makes it difficult to pinpoint the dysregulated interactions due to
the large number of interactions in the pathways used in the scoring matrix.

2.2 NCIS

NCIS [19] identified 4 previously established subtypes in the GBM microarray dataset in
conjunction with a curated PPI network. The network was constructed by the authors
from Reactome, NCI-Nature Curated PID, and KEGG. It consists of 11,648 genes, 211,794
interactions matching 7,183 genes in the GBM dataset. The identified subtypes are similar
to established subtypes and have significant differences in survival. However, it is not clear
how the patients are clustered since previously identified subtypes do not provide overall
significant survival difference.

We compared our method to the NCIS results and found 5 clusters (based on the clus-
tering metrics) which show separation of survival curves (Figure S15a). We were also able to
cluster previously proposed mesenchymal and proneural subtypes with further stratification
of mesenchymal group (Figure S15b). Based on the survival analysis, proneural clustered
groups show the longest survival curves in agreement with previous findings (Figure S15a).

The longest survivor group was highly enriched in axon guidance, collagen degradation,
and extracellular matrix organization similar to our previous analysis. The long survivors
were also enriched in VEGA-VEGFR2 pathways which was found to be highly associated
with cancer. The short survivor group 2 was enriched in RNA Polymerase processes including
transcription-coupled NER process (Nucleotide Excision Repair) and mRNA splicing. As
previously identified, GPVI-mediated activation cascade, RHO-GTPase, and immune system
processes are also enriched.



Our method performed better than the NCIS algorithm in terms of significance of sur-
vival stratification and relevance of the identified genes and pathways which can be used as
precursor targets for future therapeutic studies.

2.3 Cross-Platform

We have applied the digraphs mined using breast cancer microarray data to rna-seq data to
assess whether the method is eligible for cross platform application. The identified subgraphs
were informative such that 5 clusters are identified with significance p — value < 0.05.
However subgraphs identified with rna-seq data did not provide informative clustering in
microarray data. This might be due to the heterogeneous structure of the data since no
filtering were applied to TCGA rna-seq dataset.

2.4 Multiple Runs

To further assess the power of frequent subgraph mining we have evaluated the mined net-
works separately using bootstrap approach. Multiple sets of runs were combined using
hierarchical clustering on consensus matrix. We were able to obtain silhouette value of 0.72
which suggest occurrence of a strong pattern.(Figure S17)



Coverage

100 T \
75
: GBM-1 (Microarray)
50 5 GBM (RNA-Seq)
GBM-2 (Microarray)
25 :
0 E
0 2 4 6
Z-Score
Coverage
100 —
75
50 i BRCA (RNA-Seq)
| BRCA (Microarray)
25 i
0 E
0 2 4 6
Z-Score

Figure S2: Coverage plot for GBM and BRCA datasets. GBM-1 data is from Verhaak study
and GBM-2 data is from NCIS study. Y axis represents percentage of samples and x-axis
represents z-scores. Z-Score 2.5 is the point where decrease in sample coverage begins for
GBM datasets. For BRCA z-scores 3 and 4 are decreasing points however since we do not
want to apply a strict threshold, 2 standard deviation is chosen as threshold for all datasets



) ILF3
0 ILF2
) POUSFL
) ESRREB
© naccl
0 saLLl
@ Hpacz ) smaRccl
LN
@ ) KLFS
(a)
) nOTCHL
@ sTaT3
@ sTaTE
@ sTATSA 0 suz1z2
@ rF3
@ sTaTSE @ STATL @ smapa
® L3
(d)

@ T
@ cTnNBL @ T
@ kit @ HNFLA
® rapz1 © smapz

L n @ POUSFL

(b)

@ real ) CcTNMBL

) rPOLR2A

i mve

© s @ maz

) rRaD21

) cHbp1
O smcs

()

) REURODLEN ConDl

® rric @ sTATSE

@ staTsal sTATL

O sTATI gy iira

0 myc
) EsR1

()

) HsF1

MAMOG
® @ BRCAL @) conpl
MY BLZ
e ) conel
) coknie
) ceera
) smarcel
sk
()
0 Ezra
® crrze
0 Fos
O Ter
@) rAD21
) ccubl
@ stata @) STATSA
0 ezr1
) CTHMEL
(f)

(a,
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TCGA GBM Pathifier

GBM (RNA-Seq)
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Figure S14: (a) Kaplan-Meier curves and (b) heatmap of GBM data from TCGA using
Pathifier algorithm [7]. Survival curves are significantly different (Log-rank p — value <
2.43F — 02). However note that there are 6 biologically irrelevant groups. Figure b shows
the heatmap of pathway dysregulation scores (PDS) obtained by the Pathifier algorithm.
Rows correspond to Kegg pathways, columns correspond to samples. Top bar shows in-
trinsic subtypes defined previously. Row annotation shows classes for each KEGG pathway.

Furthermore, cophenetic correlation coefficient is 0.61 suggesting non-robust clustering based
on the PDS.
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Figure S15: (a) Kaplan-Meier and (b) consensus clustering for GBM data used in NCIS
study. Figure a shows highly significant separation of novel groups (p — value < 8F — 03).
Figure b shows the clustering of patients with top bar representing intrinsic subtypes. Note
that the data used in the NCIS study is from Verhaak et al. [25], i.e. same samples with
different pre-processing and PPI network integration.
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Consensus matrix

Breast Cancer (RNA-Seq)
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Figure S16: Kaplan-Meier and consensus cluster results for breast cancer rna-seq data using
subgraphs obtained from microarray data. The significant survival stratification suggests
the functional importance of the networks identified in microarray data.

22



Silhouette Plot (GBM-MA)
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Figure S17: Sihouette plot of GBM microarray data obtained from bootstrap runs. Using
different sets of mined subgraphs we show that the clustering of patients is stable which also
supports the functional relevance of the dysregulated networks.
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Boxplot of Gene Counts

S TR POPELUPPL T DV R TERR O IO T e 6006 6+ 9098 ¢80 B oo roos 000280 +9

‘u ' 'J’ veeggdss’
"

08000°9°°8%0 g g B B ¢°4°° %8 004g80ccgergeegrogBOeeB® e eogBo0°°0°6°°°°04°0046¢°°

4000 - o3rgQaseeterrgee
{o m,..guuu 3

"
h
I
*2 mw " Dataset
2 o (A s o C
2 i e
B awo. 1 =
¥
1000‘]‘

Runs

Figure S18: Gene Counts obtained from sampling varying set sizes from multiple gsplor runs.
The plot provides a threshold for minimum required runs to obtain maximum informative
sets. Y-axis represents the count of unique genes. X-axis represents the set size.
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